The data assimilation (DA) method has been used to estimate both model parameters and state variables. The aim of this study is to assess the capability of the DA method (i.e., the EnKF) to identify the 68 temporal variation of parameters for a monthly water balance model, and to link the parameter The remainder of this paper is organized as follows. Section 2 presents a brief review of the Finally, the soil water content at the end of each time step is updated based on the water conservation 97 law: The observation equation is as follows: The model parameters and state variables are updated according to the following equations: 
is the ensemble mean of the forecasted states; In the present study, the uncertainties including parameter errors (  , Eq. (8)), state variable error ( , 162 Eq. (9)) and streamflow observation error ( , Eq. (10)), are assumed to follow a Gaussian distribution. 163 In terms of the parameter errors, the standard deviation for C is set to 0.01 for all the cases, while which is assumed a Gaussian distribution with zero mean and specified variance. 
Case 1: Wudinghe basin

217
The method is applied in the Wudinghe basin ( Fig. 1) is 401 mm, of which 72.5% occurs in the rainy season from June to September (Fig. 2) 
Case 2: Tongtianhe basin
228
The Tongtianhe basin (Fig. 3) is located in southwestern Qinghai Province in China with a continental SC assimilation performs better than the C assimilation. The runoff assimilation results (see Table   257 3, penultimate and last columns) show that the estimation of runoff using the EnKF perfectly matches Scenario 1 C has a periodic variation, and SC has an increasing trend Scenario 2 C has a periodic variation, and SC has an abrupt change Scenario 3 C has a periodic variation with an increasing trend, and SC has an increasing trend Scenario 4 C has a periodic variation with an increasing trend, and SC has an abrupt change 
